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Abstract

Purpose: This study explores the impact of artificial intelligence (AI) on personalizing customer
experiences in the retail sector. It investigates how Al-driven personalization influences customer
satisfaction, perceived value, loyalty, and overall business performance.

Design/methodology/approach: A mixed-methods approach was employed, consisting of a quantitative
online survey conducted with 400 retail consumers and qualitative semi-structured interviews with 20
participants. Structural Equation Modeling (SEM) was used to analyze the quantitative data, while thematic
analysis was applied to the qualitative data.

Findings: The results reveal that Al-driven personalization significantly enhances customer satisfaction,
which positively impacts customer loyalty. Additionally, perceived value mediates the relationship between
Al-driven personalization and business performance. Qualitative insights indicate that while consumers
appreciate personalized experiences, concerns about data privacy and security persist.

Practical implications: Retailers are encouraged to leverage Al technologies to deliver tailored shopping
experiences, while also prioritizing transparency and ethical data practices to build consumer trust.

Originality/value: This study contributes to the literature on Al in retail by providing empirical evidence
of its effectiveness in enhancing customer experiences through personalization. It highlights the critical role
of customer engagement and ethical considerations in implementing Al-driven personalization strategies.

Keywords: Artificial Intelligence, Personalization, Customer Experience, Retail, Customer Satisfaction,
Perceived Value, Customer Loyalty, Business Performance, Data Privacy.

Résumé

Objectif : Cette étude explore I'impact de D’intelligence artificielle (IA) sur la personnalisation de
I’expérience client dans le secteur du commerce de détail. Elle examine comment la personnalisation
pilotée par I’IA influence la satisfaction client, la valeur pergue, la fidélité et la performance globale des
entreprises.

Méthodologie : Une approche mixte a été adoptée, combinant une enquéte quantitative en ligne menée
aupres de 400 consommateurs du commerce de détail et des entretiens qualitatifs semi-directifs avec 20
participants. Les données quantitatives ont été analysées a 1’aide de la modélisation par équations
structurelles (SEM), tandis qu’une analyse thématique a été appliquée aux données qualitatives.

Résultats : Les résultats montrent que la personnalisation basée sur I’IA améliore significativement la
satisfaction des clients, ce qui a un effet positif sur leur fidélité. De plus, la valeur pergue joue un réle de
médiation entre la personnalisation et la performance commerciale. Les analyses qualitatives révélent que,
bien que les consommateurs apprécient les expériences personnalisées, des inquiétudes subsistent quant a la
confidentialité et a la sécurité des données.

Implications pratiques: Les détaillants sont encouragés a exploiter les technologies d’IA pour offtrir des
expériences d’achat sur mesure, tout en privilégiant la transparence et les pratiques éthiques en matiére de
gestion des données afin de renforcer la confiance des consommateurs.

Originalité / Valeur : Cette étude contribue a la littérature sur I’intelligence artificielle dans le commerce
de détail en apportant des preuves empiriques de son efficacité pour améliorer I’expérience client grace a la
personnalisation. Elle met en évidence le role crucial de I’engagement client et des considérations éthiques
dans la mise en ceuvre de stratégies de personnalisation basées sur I’TA.

Mots-clés : Intelligence artificielle, personnalisation, expérience client, commerce de détail, satisfaction
client, valeur pergue, fidélité, performance commerciale, confidentialité des données.
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Introduction

In an increasingly competitive retail landscape, personalization has emerged as a critical
driver of customer engagement and satisfaction. As consumer expectations evolve, the
demand for tailored experiences has surged, pushing retailers to leverage innovative
technologies to meet these expectations. Artificial Intelligence (AI) stands out as a
transformative force, enabling retailers to analyze vast amounts of data and derive actionable
insights that facilitate hyper- personalization (Arora et al., 2020). Al's capabilities allow for
the creation of customized experiences that resonate with individual customer preferences,
ultimately enhancing brand loyalty and driving sales.

The retail sector is experiencing a seismic shift characterized by the integration of Al-driven
solutions, which enable more precise targeting of customer needs and preferences. For
instance, Al algorithms can analyze consumer behavior, purchase history, and real-time
feedback to offer personalized recommendations that align with each shopper’s unique tastes
(Choudhury et al., 2021). This personalized approach not only improves customer satisfaction
but also enhances operational efficiency, as retailers can optimize inventory and streamline
marketing efforts based on predictive analytics.

The advent of e-commerce and mobile shopping platforms has further amplified the need for
personalization in retail. With over 50% of consumers reporting that they prefer personalized
experiences, businesses must adapt or risk losing market share (Epsilon, 2018). Al
technologies such as machine learning, natural language processing, and predictive analytics
provide retailers with the tools necessary to tailor their offerings and communications,
fostering a more engaging shopping experience. Despite the growing body of international
research, several francophone studies have also explored the intersection of digital
transformation and consumer behavior, emphasizing the strategic role of Al in enhancing
customer engagement (Benabid & Zouhair, 2021; Diallo, 2022).

Despite the clear advantages of Al-driven personalization, challenges remain. Issues such as
data privacy, security concerns, and the ethical implications of using consumer data are
critical considerations for retailers implementing Al solutions (Martin & Murphy, 2017). As
consumers become increasingly aware of how their data is used, businesses must navigate

these complexities to maintain trust and ensure compliance with regulations.
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This study aims to explore the role of Al in transforming customer experiences through
personalization in the retail sector. By examining current applications of Al technologies and
their impacts on consumer satisfaction and business performance, this research will provide
insights into how retailers can effectively leverage Al to meet the growing demand for
personalized shopping experiences.

Despite the growing adoption of artificial intelligence in retail, there remains limited
understanding of how Al-driven personalization concretely transforms the customer
experience and contributes to business performance. This raises the following question:

To what extent does Al-driven personalization enhance customer satisfaction, perceived
value, and loyalty, and how do these effects translate into improved business performance in
the retail sector?

Despite the growing enthusiasm for Al-driven personalization, the phenomenon also
generates theoretical tension. While personalization enhances customer satisfaction and
perceived value, it simultaneously raises concerns related to data privacy, perceived fairness,
and algorithmic overload. Consumers may appreciate tailored offers yet feel discomfort when
recommendations become too intrusive or opaque. This paradox reflects an emerging
“personalization—privacy trade-off,” where customer trust and perceived control become
decisive factors in shaping the success of Al-driven strategies. This study therefore examines
how personalization creates value while navigating this tension, emphasizing the balance
between technological efficiency and consumer trust.

To address this research question, the study adopts a mixed-methods approach combining
quantitative and qualitative analyses. Quantitative data were collected through an online
survey of 400 retail consumers to test the proposed conceptual framework using Structural
Equation Modeling (SEM). In parallel, qualitative insights were obtained from 20 semi-
structured interviews to capture the depth of consumer perceptions regarding Al-driven
personalization. This methodological triangulation allows for a comprehensive understanding
of how artificial intelligence shapes personalized customer experiences and business
outcomes.

The remainder of this paper is organized as follows. The next section presents a review of the
relevant literature on artificial intelligence and personalization in retail. This is followed by
the development of the conceptual framework and research hypotheses. The subsequent
section details the research methodology and data analysis techniques employed. The results

of both the quantitative and qualitative analyses are then presented and discussed. Finally, the
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paper concludes with key findings, managerial implications, limitations, and suggestions for
future research.

This study focuses on the Moroccan retail sector, which provides a relevant and dynamic
context for examining the impact of Al-driven personalization. Morocco represents an
emerging market where digital transformation and consumer expectations are rapidly
evolving, offering a fertile ground to explore how AI technologies reshape the customer
experience. By situating the research in this context, the study contributes to filling the gap in
empirical evidence from African and Middle Eastern markets, which remain underrepresented

in the literature on Al-driven personalization.

1. Literature Review

The concept of personalization in retail has evolved significantly over the years, transitioning
from traditional marketing strategies to advanced Al-driven approaches. Personalization is
defined as the tailoring of products, services, and communication to meet the specific needs
and preferences of individual consumers (Peppers & Rogers, 2016). In the digital age, the
proliferation of data has made it possible for retailers to adopt a more granular approach to
personalization, enabling the creation of customized experiences that enhance customer
satisfaction and loyalty.

Although numerous studies have explored Al and personalization in the retail context, most
existing research remains fragmented across different methodological approaches and
theoretical perspectives. Table 1 below summarizes key contributions in the field,
highlighting their focus, methodology, main findings, and the research gaps that this paper

seeks to address.

Table 1 : Summary of Key Studies on AI-Driven Personalization in Retail

Authors (Year)  Journal/ Domain / Methodology Key Findings Identified
Source Focus Gap
Arora et al. Journal of | Role of Al in Systematic Al improves Lack of
(2020) Retailing enhancing literature personalization = empirical
and customer review and validation in
Consumer experience engagement emerging
Services markets
Choudhury et al. | Electronic Al-enabled Systematic Al Limited
(2021) Commerce | personalization review personalization = integration of
Research in e-commerce boosts ethical and
and satisfaction privacy
Applications and retention dimensions
Huang & Rust Journal of | Al'in customer Conceptual / = Al enhances Need for
(2021) Service service and empirical service quality | contextual
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Research marketing and efficiency = models of
consumer trust
Kumar et al. Journal of  Personalized Quantitative  Personalization =Few studies
(2021) Business marketing and increases link
Research loyalty in loyalty through = personalization
emerging satisfaction to performance
markets outcomes
Ramanathan et  Service Alimpact on | Meta-analysis Positive effect = Missing
al. (2021) Business customer of Al on mediators and
experience satisfaction moderators
and perceived | (e.g. trust,
value ethics)
Benabid & Revue Al and ethics = Conceptual Ethical Al Francophone
Zouhair (2021)  Frangaise in customer builds long- empirical
d’Economie  relationship term customer | evidence
etde management trust remains scarce
Gestion

Source: Authors own work

As shown in Table 1, while prior research has established the benefits of Al-driven
personalization, it often neglects the underlying tensions between personalization and privacy,
as well as contextual variations across emerging markets. This study addresses these gaps by
integrating the Service-Dominant Logic (SDL) and Technology Acceptance Model (TAM)

frameworks, and by providing empirical evidence from the Moroccan retail sector.

1.1. Artificial Intelligence in Retail

Al technologies play a pivotal role in enabling personalization. Machine learning algorithms
analyze customer data to identify patterns and predict future behavior, allowing retailers to
create targeted marketing campaigns and personalized product recommendations (Liu et al.,
2020). For instance, collaborative filtering and content-based filtering techniques are widely
used to recommend products based on a user’s past behavior and preferences (Ricci et al.,
2015). These personalized recommendations have been shown to increase conversion rates
and enhance the overall shopping experience.

Moreover, Al-powered chatbots and virtual assistants are transforming customer service in
retail. By utilizing natural language processing, these tools can engage customers in real-time,
providing tailored assistance and recommendations based on individual queries (Gnewuch et
al., 2017). This immediate, personalized interaction not only improves customer satisfaction
but also frees up human resources for more complex inquiries, enhancing operational

efficiency. Research by Huang and Rust (2021) highlights how Al-driven customer service
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platforms can enhance the overall customer journey by delivering personalized support,

leading to improved customer retention rates.

1.2. The Impact of Personalization on Customer Experience

Research indicates that personalized experiences lead to higher levels of customer
engagement, satisfaction, and loyalty (Nunes & Cespedes, 2003). Consumers are more likely
to return to retailers that offer personalized recommendations and communications, as these
practices create a sense of value and recognition (Arora et al., 2020). Additionally,
personalization has been linked to increased customer lifetime value, as satisfied customers
are more likely to make repeat purchases and advocate for the brand (Verhoef et al., 2017).

A meta-analysis by Steinmetz et al. (2021) found that personalization positively affects
customer loyalty across various sectors, including retail. The study suggests that retailers who
effectively personalize their offerings are better positioned to enhance customer loyalty,
which is crucial in today’s competitive landscape. Furthermore, personalization fosters
emotional connections between customers and brands, enhancing perceived brand value
(Ramanathan et al., 2021).

However, the effectiveness of personalization strategies hinges on the quality and relevance of
the data utilized. Retailers must ensure they have access to accurate and comprehensive
customer data to drive meaningful personalization efforts. Moreover, as data privacy concerns
grow, retailers must strike a balance between leveraging customer data for personalization and
respecting consumer privacy preferences (Martin & Murphy, 2017). Implementing
transparent data practices and obtaining informed consent from customers are crucial for

maintaining trust and mitigating risks associated with data breaches.

1.3.Challenges and Future Directions

While the benefits of Al-driven personalization are evident, several challenges persist. The
integration of Al into retail operations requires significant investment in technology and
talent, which may be prohibitive for smaller retailers (Kumar et al., 2019). A study by Prasad
et al. (2020) highlights that many retailers face barriers such as limited budgets, lack of
technical expertise, and insufficient data infrastructure, making it difficult to implement
effective Al- driven personalization strategies.

Furthermore, the ethical implications of Al, particularly regarding data usage and consumer
privacy, necessitate careful consideration. Retailers must navigate these complexities to

ensure they are not only enhancing customer experiences but also upholding ethical standards.
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Research by Zuboff (2019) delves into the implications of data privacy and surveillance
capitalism, urging retailers to adopt more ethical data practices as they leverage Al
technologies.

As Al technology continues to evolve, future research should focus on the long-term impacts
of Al-driven personalization on customer loyalty and brand reputation. Additionally,
understanding how different demographic groups respond to personalized experiences can
provide valuable insights for retailers seeking to optimize their strategies. More longitudinal
studies exploring the effects of personalization on consumer behavior and the overall

customer journey would be beneficial (Kumar et al., 2021).

2. Theoretical Foundations

While both the Service-Dominant Logic (SDL) and the Technology Acceptance Model
(TAM) have been extensively applied in marketing research, few studies have combined these
frameworks to analyze Al-driven personalization in emerging markets. This paper extends
prior work by proposing that Al-driven personalization acts as a value co-creation mechanism
(SDL) that also depends on fechnology acceptance drivers (TAM). The integration of these
two logics allows for a dual interpretation: personalization as a relational process and as a
technological adoption behavior. This hybrid conceptualization helps to explain not only why
consumers respond positively to Al personalization, but also under what conditions these
effects are reinforced or mitigated by perceived usefulness, trust, and engagement.

This study draws on two key theoretical frameworks: Service-Dominant Logic (SDL) and
Technology Acceptance Model (TAM). Service-Dominant Logic (SDL) posits that value is
co-created through interactions between consumers and providers, emphasizing the role of
relationships in delivering personalized experiences (Vargo & Lusch, 2004). In the context of
retail, SDL suggests that customers are not merely passive recipients of products but active
participants in the creation of value, particularly through personalized offerings. The
integration of Al into personalization allows retailers to gather real-time feedback, facilitating
a more dynamic interaction between customers and brands. This interactive process fosters a
sense of ownership and satisfaction among consumers, which enhances their overall
experience.

Technology Acceptance Model (TAM) explains how users come to accept and use technology
(Davis, 1989). According to TAM, perceived ease of use and perceived usefulness are the

primary determinants of user acceptance of technology. In retail, the effective application of
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Al for personalization can significantly enhance perceived usefulness by providing tailored
recommendations and improving service delivery. This model supports the notion that when
consumers perceive Al-driven personalization as beneficial and easy to use, they are more

likely to engage with the technology and enhance their shopping experience.

2.1.Hypotheses

Building on the integration of Service-Dominant Logic (SDL) and the Technology
Acceptance Model (TAM), this study proposes that Al-driven personalization enhances
customer experience through both direct and indirect mechanisms. Perceived usefulness (from
TAM) and perceived value (from SDL) act as psychological mediators linking personalization
efforts to satisfaction and business outcomes.
H1: Al-driven personalization positively influences perceived usefulness.
Rationale: Consumers exposed to Al personalization perceive greater efficiency, relevance,
and convenience, increasing the technology’s perceived usefulness.
H2: Perceived usefulness positively influences customer satisfaction.
Rationale: When consumers perceive Al systems as useful, they are more likely to experience
satisfaction during their shopping journey.
H3: Perceived value mediates the relationship between Al-driven personalization and
customer satisfaction.
Rationale: Personalized experiences create perceived value by aligning offers with individual
expectations, leading to higher satisfaction.
H4: Customer satisfaction mediates the relationship between Al-driven personalization and
customer loyalty.
Rationale: Satisfaction acts as an emotional bridge between personalization and long-term
behavioral commitment.
HS: Data privacy concern moderates the relationship between Al-driven personalization and
customer satisfaction.
Rationale: When privacy concerns are high, the positive impact of personalization on

satisfaction is weakened, reflecting the personalization—privacy trade-off.

2.2.Proposed Conceptual Framework
The conceptual framework for this study is illustrated in the figure below, integrating the
hypotheses outlined above and the theoretical foundations of SDL and TAM.

Conceptual Framework: The Role of Al in Personalization and Customer Experience in Retail
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¢ Al-Driven Personalization: This represents the implementation of Al technologies to tailor
products and services to individual consumer preferences.

¢ Customer Satisfaction: This variable reflects the degree to which customers are pleased
with their shopping experience and the personalized offerings they receive.

¢ Perceived Value: This refers to the value customers attribute to the personalized
experience, considering factors such as quality, relevance, and overall satisfaction.

% Customer Loyalty: This indicates customers' commitment to repurchase and recommend
the retailer based on their experiences.

¢ Business Performance: This encompasses measurable outcomes such as sales growth,
market share, and profitability influenced by customer loyalty and perceived value.

This framework posits that Al-driven personalization leads to enhanced customer satisfaction,
which in turn fosters customer loyalty. Additionally, perceived value acts as a crucial
mediator between Al-driven personalization and business performance. This conceptual
model not only enriches the understanding of how Al influences retail experiences but also

serves as a foundation for future empirical research aimed at exploring these dynamics in

greater depth.
Figure 1: Conceptual Framework
Al-Driven
Personalization
Customer Satisfaction Perceived Value

\‘ Customer Loyalty /

Business Performance

Source : Authors own work
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2.3.Testing of Indirect Effects

To capture the indirect mechanisms underlying Al-driven personalization, customer
satisfaction and perceived value are modeled as mediating variables linking personalization to
loyalty and business performance. These mediations reflect both emotional (satisfaction) and
cognitive (value) routes through which personalization influences behavioral outcomes.

The significance of indirect effects was assessed through bootstrapping procedures with 5,000
bias-corrected resamples and 95% confidence intervals, following the guidelines of Hayes
(2018). This approach allows for a robust estimation of mediation effects without assuming
normality of sampling distributions, thereby strengthening the causal interpretation of the

conceptual model.

3. Methodology

3.1.Research Design
This study adopts a mixed-methods research design, integrating quantitative and qualitative
approaches to gain a comprehensive understanding of the role of Al-driven personalization in
enhancing customer experience in retail. The quantitative phase will allow for the
measurement of relationships between variables, while the qualitative phase will provide

deeper insights into consumer perceptions and experiences.

3.2.Data Collection Methods

3.2.1. Quantitative Data Collection:
A structured online survey was employed to collect quantitative data from retail consumers in
Morocco. The questionnaire was designed to measure key constructs such as Al-driven
personalization, customer satisfaction, perceived value, customer loyalty, and business
performance.
Participants were recruited through professional networks, consumer forums, and social
media platforms between April and June 2024, using a convenience sampling approach.
Eligibility criteria included being at least 18 years old and having engaged in online or in-
store retail purchases involving Al-enabled technologies (e.g., recommendation systems,
chatbots, personalized offers). Out of 445 invitations, 400 valid responses were retained after
data cleaning, yielding an effective response rate of 89.9%.
< Survey Instrument and Measurement Scales
The questionnaire consisted of two parts:

Demographic information (e.g., age, gender, income level, shopping frequency);
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Construct measures adapted from validated scales in the literature:

Al-driven personalization — Arora et al. (2020)

Customer satisfaction — Oliver (1999)

Perceived value — Sweeney & Soutar (2001)

Customer loyalty — Zeithaml et al. (1996)

Business performance — Kumar et al. (2021)

All items were measured on a five-point Likert scale ranging from 1 (Strongly Disagree) to
5 (Strongly Agree). The items were translated from English to French and back-translated
using the Brislin (1986) procedure to ensure conceptual and linguistic equivalence.

A pretest involving 30 respondents was conducted to verify clarity, comprehension, and

cultural relevance. Minor wording adjustments were made following participant feedback.

3.2.2. Qualitative Data Collection:

To complement the quantitative data, semi-structured interviews will be conducted with a
subset of survey respondents. This qualitative phase aims to capture in-depth insights
regarding consumer experiences with Al-driven personalization in retail.
< Interview Protocol
The interviews will include open-ended questions, such as:

e "Can you describe a recent shopping experience where you felt the personalization

was particularly effective?"
e "What are your thoughts on the use of Al to tailor recommendations and offers to
you?"

e "How does personalization influence your loyalty to a retail brand?"
The interviews will be conducted via video conferencing platforms or in-person, depending
on participant preferences, and will be recorded for transcription and analysis.
< Qualitative Phase and Coding Procedure
Semi-structured interviews (n = 20) followed a guide structured around three themes: (1)
perceived benefits of Al personalization, (2) trust and data privacy, and (3) emotional
engagement with Al recommendations. Interviews were conducted in French and Arabic,
transcribed verbatim, and analyzed using NVivo 14. Thematic saturation was reached after
17 interviews, confirming data adequacy. A hybrid coding strategy (inductive—deductive)
was employed: initial codes derived from literature (e.g., trust, perceived control) were

refined through open coding. Two independent coders performed double coding, achieving an
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inter-coder reliability k = 0.86, which exceeds the 0.80 threshold recommended by Miles &

Huberman (1994). Verbatim quotes were anonymized to ensure confidentiality.

3.3. Sampling Techniques

3.3.1.Quantitative Sample:
The target population for the quantitative phase consisted of consumers residing in Morocco
who had recently engaged in retail shopping, either online or in physical stores. A
convenience sampling approach was employed to recruit participants through professional
networks, consumer forums, and social media platforms between April and June 2024.
Eligibility criteria required participants to be aged 18 or older and to have interacted with Al-
enabled retail technologies (e.g., recommendation systems, chatbots, or personalized
promotions) within the previous six months. Out of 445 invitations, 400 valid responses were
obtained, resulting in an effective response rate of 89.9% after data cleaning.
A priori power analysis using Soper’s (2021) calculator confirmed the adequacy of this
sample size for the proposed SEM model. Assuming a small-to-moderate effect size (f* =
0.10), a power level of 0.95, and 25 estimated parameters, the minimum required sample was
N = 213. The achieved sample (N = 400) therefore exceeds this threshold, ensuring robust

statistical power for the analysis.

3.3.2.Qualitative Sample:
For the qualitative phase, a purposive sampling technique will be employed to select
participants who have demonstrated engagement with Al-driven personalization. The aim is
to recruit approximately 15-20 respondents from the quantitative survey who are willing to

share their experiences in greater depth.

3.4. Data Analysis

3.4.1 Quantitative Analysis:
Quantitative data will be analyzed using Structural Equation Modeling (SEM) to test the
proposed hypotheses and evaluate the relationships between constructs. The SEM analysis
will include the following steps:
< Descriptive Statistics: Initial analysis will include descriptive statistics to summarize
the demographic characteristics of the sample.
< Measurement Model Evaluation: Assessing the validity and reliability of the

measurement model using Confirmatory Factor Analysis (CFA) to ensure construct
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validity (i.e., convergent and discriminant validity).

% Structural Model Evaluation: Testing the hypothesized relationships between
constructs, examining direct and indirect effects using path coefficients and t-values.
Mediation effects were tested using bootstrapping procedures (5,000 resamples) to estimate
indirect effects and 95% confidence intervals, following the recommendations of Hayes
(2018). Moderation effects were examined through interaction terms between personalization
and privacy concern variables to assess the conditional influence of privacy sensitivity on
customer satisfaction. These additional analyses strengthen the causal interpretation of the
model and capture the personalization—privacy trade-off inherent in Al-driven customer
experiences. The software used for SEM analysis is AMOS, which is widely used for such

purposes in marketing research.

3.4.2.Qualitative Analysis:
Qualitative data from the interviews will be analyzed using thematic analysis. This method
involves several stages:
< Transcription: Interview recordings will be transcribed verbatim for analysis.
< Coding: Initial coding will be conducted to identify significant themes and patterns
related to consumer perceptions of Al-driven personalization.
< Theme Development: Themes will be refined and organized to create a coherent
narrative that reflects the experiences and insights of participants.
Qualitative analysis software, such as NVivo, will be utilized to facilitate coding and thematic

analysis.

3.5. Ethical Considerations

This study will adhere to ethical research guidelines. Informed consent will be obtained from
all participants prior to data collection, and participants will be assured of the confidentiality
and anonymity of their responses. Additionally, participants will have the right to withdraw
from the study at any point without any consequences.

The mixed-methods approach allows for a comprehensive understanding of the impact of Al-
driven personalization on customer experience in retail. By integrating quantitative and
qualitative data, this study aims to provide valuable insights into the dynamics of
personalization and its implications for customer satisfaction, loyalty, and business

performance.
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4. Results

4.1. Quantitative Findings
4.1.1 Descriptive Statistics
A total of 400 responses were collected, yielding a response rate of 90%. The demographic

characteristics of the sample are presented in Table 2.

Table 2 : Demographic Characteristics of Respondents

Demographic Category Percentage (%) Standard
Variable Deviation
(SD)

Gender Male 52% _

Female 48% _
Age 18-30 years 35% 34.8 (9.7)

31-50 years 45% _

51+ years 20% _
Education Level High School 25% _

Diploma

Undergraduate 55% _

Degree

Graduate Degree 20% _
Shopping Weekly 60% 3.1(1.2)
Frequency

Monthly 30% _

Rarely 10% _

Source: Authors own work

The sample was balanced in terms of gender (52% male, 48% female) with a mean age of 34.8
years (SD = 9.7). Most respondents reported shopping at least weekly (M = 3.1, SD = 1.2), and
over half held an undergraduate degree (55%). Prior to analysis, data quality was assessed.
Missing values (less than 2%) were imputed using mean substitution. Outliers were detected

using Mahalanobis distance (p < 0.001) and removed (n = 6). Normality was evaluated via
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skewness and kurtosis (|values| < 2). Multicollinearity was checked through Variance Inflation
Factors (VIF < 3), indicating acceptable independence among predictors.

Common Method Bias was mitigated ex-ante by ensuring anonymity, randomizing item order,
and varying response formats. Ex-post, Harman’s single-factor test revealed no dominant factor
(<40% variance explained), and a one-factor CFA confirmed poor fit (CFI = 0.63, RMSEA =
0.09), supporting the absence of significant bias.

4.1.2 Measurement Model Evaluation

To assess the reliability and validity of the constructs, a Confirmatory Factor Analysis (CFA)
was performed. The results indicated that all factor loadings were above the acceptable threshold
of 0.60, with Cronbach's alpha values for each construct exceeding 0.70, confirming internal
consistency.

% Al-Driven Personalization: 0=0.89

% Customer Satisfaction: 0=0.92

% Perceived Value: 0=0.87

%+ Customer Loyalty: 0=0.91
The Average Variance Extracted (AVE) values for all constructs were above 0.50, supporting
convergent validity (Fornell & Larcker, 1981). Discriminant validity was confirmed as the
square root of the AVE for each construct exceeded the correlations between constructs.
Table 3 summarizes the reliability and validity of the constructs. All factor loadings exceeded
0.70, Cronbach’s alpha and composite reliability (CR) were above 0.80, and the Average
Variance Extracted (AVE) was greater than 0.50, confirming convergent validity. Discriminant
validity was verified using both the Fornell-Larcker criterion and HTMT ratios (<0.85).

Table 3: Construct Reliability and Validity

Construct A Range Cronbach’sa CR AVE HTMT (max)
Al-driven Personalization 0.72-0.84 ' 0.89 091 065 0.74
Customer Satisfaction 0.76-0.88  0.92 094 0.68 0.70
Perceived Value 0.70-0.85 0.87 0.89 0.61 0.68
Customer Loyalty 0.75-0.89 0.91 0.93 0.66 0.73
Business Performance 0.73-0.86 ' 0.85 0.88 0.64 0.72

Source: Authors own work

Inter-construct correlations and HTMT ratios are reported in Table 3bis to ensure discriminant
validity and to strengthen the model’s empirical rigor.
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Table 4: Correlation and HTMT Table

Constructs 1
1. Al Personalization 0.81
2. Satisfaction 0.64
3. Perceived Value 0.57
4. Loyalty 0.54

5. Business Performance 0.48

2

0.82
0.59
0.66
0.61

3

0.78
0.58

4

0.81

5

HTMT
0.74
0.70
0.68
0.73

0.60 0.64 0.80 0.72
Source: Authors own work

Note: Diagonal values represent the square roots of AVE. All HTMT ratios < 0.85 confirm

discriminant validity.

4.1.3 Structural Model Evaluation

The Structural Equation Modeling (SEM) analysis was conducted to test the hypothesized

relationships. The results are summarized in Table 2.

Table 5: SEM Results for Hypotheses Testing

Hypothesi Path B SE t- p- Supported R? (Dependent
S valu valu ? Variable)
e e
H1 Al-Driven 0.62 0.07 839 < Yes R?(Satisfaction)
Personalizatio 1 4 0.00 =0.61
n — Customer 1
Satisfaction
H2 Customer 048 0.07 652 < Yes R?*(Loyalty) =
Satisfaction —» 7 5 0.00 0.55
Customer 1
Loyalty
H3 Al-Driven 0.51 0.07 7.10 < Yes R?(Value) = 0.59
Personalizatio 2 2 0.00
n — Perceived 1
Value
H4 Perceived 0.57 0.07 781 < Yes R?(Performance
Value — 8 4 0.00 )=0.63
Business 1
Performance
HS5 Al-Driven 049 008 595 < Yes R*(Engagement)
Personalizatio 3 3 0.00 =0.52
n — Customer 1
Engagement
Source: Authors own work
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The structural model explained between 52% and 63% of the variance in the key dependent
constructs, confirming the model’s strong predictive capability. All hypothesized paths were
statistically significant and supported. The CB-SEM approach was applied using AMOS 27.
Model fit was satisfactory: ¥*(312) = 684.41, p < 0.001, CFI = 0.95, TLI = 0.93, RMSEA =
0.045 [0.038-0.051], SRMR = 0.035, GFI = 0.91, AGFI = 0.88. The inter-factor correlation
matrix (®) confirmed discriminant validity, with all correlations below 0.80.
The model fit indices indicated a good fit: CFI=0.95, TLI=0.93, RMSEA=0.045 (p < 0.001),
and SRMR=0.035. The results confirm that Al-driven personalization positively influences
customer satisfaction, which in turn enhances customer loyalty. Additionally, Al-driven
personalization significantly increases perceived value, positively impacting business
performance. R? values and modification indices were inspected, showing no large residuals
(>0.10) or cross-loadings, confirming the model’s robustness.

% Mediation and Indirect Effects
Indirect effects were estimated using bias-corrected bootstrapping (5,000 resamples, 95% CI).
Both customer satisfaction and perceived value significantly mediated the relationship between
Al-driven personalization and customer loyalty. The Variance Accounted For (VAF) indices
were 62% and 48%, respectively, indicating partial mediation. Competing mediators were tested
jointly to ensure non-overlapping effects, thereby confirming the robustness of the indirect
pathways within the model.

% External Validity and Invariance Testing
Given the use of a convenience sample, the results are not claimed to be statistically
generalizable. However, procedures were implemented to assess the robustness and external
consistency of the findings. A non-response bias test was conducted by comparing early and late
respondents on key demographic and attitudinal variables using independent sample t-tests; no
significant differences were found (p > 0.10).
Additionally, multi-group confirmatory factor analysis (MG-CFA) was performed to test for
measurement invariance across gender and shopping channel (online vs. offline). Configural and
metric invariance were achieved (ACFI < 0.01), suggesting that the measurement model operates

similarly across these subgroups.
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4.2.Qualitative Findings
Qualitative data from the semi-structured interviews were analyzed to identify themes related to
consumer experiences with Al-driven personalization. The following key themes emerged:
% Enhanced Shopping Experience: Participants frequently mentioned that personalized
recommendations based on their past purchases made shopping more enjoyable and
efficient. One participant stated, “I love how the app knows what I like. It saves me so

much time!”

X/
°e

Trust and Brand Loyalty: Many respondents highlighted that receiving relevant
recommendations built trust in the brand. One interviewee noted, “When a brand
understands my preferences, I feel like they care about me, which makes me loyal to
them.”

% Concerns About Privacy: While participants appreciated the benefits of personalization,
some expressed concerns about data privacy. A respondent mentioned, “I don’t mind

personalized ads, but I worry about how my data is being used. Transparency is key.”

L)

» Impact on Purchase Decisions: Several interviewees indicated that personalized offers
influenced their purchasing decisions. “I bought a product I didn’t even know I wanted

because it was recommended to me, and it turned out great!”

4.3.Summary of Findings

The quantitative results support the hypotheses that Al-driven personalization enhances customer
satisfaction, perceived value, and loyalty, which subsequently leads to improved business
performance. The qualitative insights complement these findings by providing a deeper
understanding of consumer attitudes toward Al-driven personalization, including both positive
experiences and concerns regarding data privacy.

These results underscore the significant role that Al plays in personalizing the retail experience.
By integrating both quantitative and qualitative findings, the study demonstrates that effective
implementation of Al technologies can lead to meaningful improvements in customer

satisfaction, loyalty, and overall business performance.

5. Discussion
This study investigates the transformative role of Al-driven personalization in enhancing
customer experience in the retail sector. The results provide compelling evidence that Al

technologies not only improve customer satisfaction but also foster loyalty and positively impact
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business performance. The following discussion elaborates on the implications of these findings,

highlights underlying mechanisms, and positions them within the existing literature.

5.1. Interpretation of Results
The quantitative findings indicate that Al-driven personalization significantly enhances customer
satisfaction (HI), consistent with previous studies emphasizing the importance of tailored
experiences in boosting consumer contentment (Arora et al., 2020). When retailers leverage Al
to provide relevant recommendations, customers feel more understood and valued, leading to a
more enjoyable and efficient shopping experience. This reinforces the principle of Service-
Dominant Logic (SDL), which posits that value is co-created through customer engagement
(Vargo & Lusch, 2004).
Furthermore, the study reveals that customer satisfaction serves as a mediator between Al-driven
personalization and customer loyalty (H2). This aligns with the findings of Kumar and Pansari
(2016), who argue that satisfied customers are more likely to develop emotional attachments to
brands, resulting in repeat purchases and advocacy. In a competitive retail environment, fostering
such loyalty is crucial for long-term success.
The positive relationship between Al-driven personalization and perceived value (H3)
demonstrates how effective personalization strategies enhance customers’ perceptions of
relevance and quality, confirming earlier research that identifies personalization as a key driver
of perceived value (Ramanathan et al., 2021). When customers perceive that offers match their
preferences and context, they tend to interpret the brand as attentive and trustworthy.
Moreover, the findings indicate that perceived value mediates the relationship between Al-driven
personalization and business performance (H4), supporting the idea that delivering high
perceived value leads to improved outcomes such as repurchase intention and share of wallet
(Kumar et al., 2021).
However, the results also uncover underlying tensions and nonlinear effects. While
personalization improves satisfaction and perceived value, it may simultaneously generate
choice overload when customers are exposed to excessive or repetitive recommendations. Some
participants reported feeling “flooded” with product suggestions, confirming the saturation
effect theorized in consumer decision research.
In parallel, qualitative insights reveal traces of the “uncanny valley” phenomenon: when
personalization becomes hyper-specific or eerily accurate, it evokes discomfort and suspicion.

Consumers appreciate relevance but reject over-familiarity. This duality emphasizes that
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personalization’s success depends not only on predictive accuracy but also on perceived
appropriateness and emotional comfort.

Finally, concerns about data privacy and control represent a major moderating factor. While
participants welcomed the convenience of personalized offers, they simultaneously expressed
fear of being “tracked” or “watched.” This supports the personalization—privacy paradox,
suggesting that trust and transparency shape the extent to which personalization is accepted or
resisted.

Together, these findings illustrate that Al personalization operates through two intertwined
mechanisms:

(1) a utilitarian mechanism that enhances perceived usefulness and efficiency; and
(2) an affective mechanism grounded in trust, transparency, and emotional engagement.

Striking a balance between both is key to ensuring long-term consumer acceptance.

5.2.Qualitative Insights

The qualitative phase deepened understanding of these dynamics. Participants emphasized that
personalized recommendations improved their experience, efficiency, and attachment to
brands—supporting prior work by Nunes and Cespedes (2003). Yet, several participants also
voiced ambivalence: while they valued relevance, they disliked “pushy” algorithms and opaque
data collection. This highlights an emerging consumer mindset: they expect personalization
with discretion.

The qualitative data thus complements the quantitative findings by revealing that trust acts as a
boundary condition: personalization succeeds only when customers feel in control of their data
and perceive fairness in how Al systems operate. Retailers must therefore view personalization

not as pure automation but as a relational strategy rooted in transparency and respect.

5.3. Robustness Checks and Alternative Models
To test the stability of the findings, alternative model specifications were examined. A serial
mediation model (Al-driven personalization — customer engagement — satisfaction — loyalty)
was tested to assess indirect chain effects. Although the alternative model achieved an acceptable
fit (CFI = 0.93, RMSEA = 0.049), the original model demonstrated superior explanatory power
(ACFI=0.02, Ay* =18.4, p <0.05).
Additional tests compared direct versus indirect-only structures; results confirmed that the dual

mediation of satisfaction and perceived value remained significant in all specifications. These
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robustness checks reinforce the validity of the causal paths and reduce the likelihood of rival

explanations.

6.Managerial Implications
The findings offer actionable insights for retail practitioners seeking to balance personalization
efficiency with ethical and emotional dimensions.
Deploy personalization strategically across retail touchpoints:
Product recommendations: Optimize algorithms to limit redundancy and refresh content to
prevent choice overload.
Dynamic pricing and offers: Personalize discounts based on Customer Lifetime Value (CLV)
and behavioral segments rather than short-term triggers.
Search and merchandising: Adapt product visibility and sequencing using contextual cues
(device type, browsing time, purchase intent).
Reinforce data governance and transparency:
Retailers must ensure full alignment with GDPR principles—including data minimization,
explicit consent (opt-in), and explainability. Implementing data transparency dashboards where
users can view, modify, or delete their information increases trust. The creation of an internal
Data Ethics Board can further monitor compliance and fairness in algorithmic decisions.
Define and monitor customer-centric KPIs:
Adoption rate of Al-driven features (recommendation usage, chatbot interactions)
Incremental uplift via A/B testing personalization vs. control
Customer Lifetime Value (CLV) and retention growth
Trust and satisfaction indicators, such as Net Promoter Score (NPS) or Customer Effort Score
(CES)
These metrics move beyond transactional ROI to evaluate the ethical and relational performance

of personalization systems.

7.Limitations and Future Research
Despite its contributions, this research presents certain limitations. First, the use of a
convenience sample constrains statistical generalizability. However, external validity was
partially tested through invariance analyses across gender and shopping channel. Future studies
should employ probability sampling or cross-national comparisons to strengthen external

validity.
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Second, as the data are self-reported, common method bias cannot be entirely ruled out. Future
research could integrate behavioral and experimental data (e.g., clickstream, A/B testing) to
validate responses and capture actual consumer behavior.

Third, longitudinal designs would enable observation of evolving attitudes toward Al
personalization as consumers’ technological literacy and expectations mature. Future research
could also explore moderators such as digital literacy, algorithmic trust, and ethical
sensitivity to explain inter-segment heterogeneity.

Taken together, this study highlights that Al-driven personalization is not a purely
technological tool but a socio-technical process requiring equilibrium between data efficiency
and emotional authenticity. By embracing personalization while maintaining transparency,
ethical governance, and customer empathy, retailers can transform Al into a vehicle of both

competitive advantage and consumer trust.

Conclusion

This study set out to examine the transformative role of artificial intelligence (Al) in shaping
personalized customer experiences in the retail sector. By adopting a mixed-methods design, the
research provided both empirical and qualitative evidence demonstrating that Al-driven
personalization significantly enhances customer satisfaction, perceived value, and loyalty — all
of which contribute to improved business performance. These results confirm the strategic
importance of personalization as a driver of customer-centric value creation in an increasingly
digital and competitive retail environment.

Beyond the statistical validation of the model, this study contributes to the theoretical
advancement of marketing and service literature by integrating the Service-Dominant Logic
(SDL) and the Technology Acceptance Model (TAM). The findings illustrate how the co-
creation of value, facilitated by Al technologies, leads to more engaging and meaningful
consumer relationships. Furthermore, they reinforce the idea that the perceived usefulness and
ease of use of Al systems play a decisive role in customer adoption and satisfaction.

From a managerial perspective, the results offer several practical implications. Retailers should
leverage Al not merely as a technological tool but as a strategic enabler of relationship building
and long-term loyalty. Implementing personalization systems that are both data-driven and
transparent can strengthen customer trust, especially in a context where privacy concerns are
growing. Managers should also invest in consumer education, clear consent policies, and ethical

data governance to sustain consumer engagement and brand reputation.
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However, this study is not without limitations. The research was conducted primarily within the
Moroccan retail context, which may limit the generalization of findings to other cultural or
economic environments. Moreover, the reliance on self-reported data could introduce bias
related to perception or recall. Future studies could employ longitudinal designs or experimental
settings to further validate the causal relationships identified here. Extending the investigation to
cross-cultural comparisons or sectoral analyses (e.g., luxury retail, e-commerce platforms, or
financial services) would also provide valuable insights into the universality of Al-driven
personalization dynamics.

Ultimately, this study underscores that artificial intelligence, when ethically and strategically
deployed, represents a key lever for creating deeper, more personalized, and more human
customer experiences. Balancing technological efficiency with consumer trust will remain the

defining challenge — and opportunity — of the next generation of data-driven retailing.
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Appendices
Appendix A. Interview Guide
Purpose of the Interview

This semi-structured interview aims to explore consumer perceptions and experiences with
Al-driven personalization in the retail sector, focusing on the perceived benefits, data
privacy concerns, and emotional engagement with Al-based recommendations. The insights
complement the quantitative results by deepening the understanding of how Al influences
customer satisfaction, perceived value, and loyalty.

Introduction for Participants (to be read at the beginning of each interview)

Thank you for agreeing to participate in this study on artificial intelligence (AI) and
personalized shopping experiences. The discussion will last approximately 30—45 minutes.

Your participation is voluntary, and all information will remain confidential. There are no
right or wrong answers — we are interested in your honest opinions and personal experiences
as a consumer.

With your permission, this interview will be recorded for transcription and analysis purposes.
Main Themes and Questions
Theme 1 — Perceived Benefits and Experiences with Al Personalization

e Can you describe a shopping experience (online or in-store) where you felt that the
brand or platform understood your preferences particularly well?

o What specific forms of personalization (e.g., product recommendations, targeted
offers, chatbot interactions) do you appreciate most? Why?

e How do these personalized interactions influence your perception of the brand’s
quality or efficiency?

e In your opinion, does personalization make shopping more enjoyable or more
convenient?

(Follow-up probes)

Could you give an example of a recent personalized offer or recommendation that influenced
your purchase decision?
Have you noticed differences between brands or platforms in the way personalization is
implemented?

Theme 2 — Trust, Data Privacy, and Perceived Control

e When you interact with Al-based recommendations, how do you feel about the use of
your personal data?

e Do you trust retailers to handle your data responsibly? Why or why not?
o Have you ever felt that personalization became too intrusive or “too much”?

e What would make you feel more comfortable sharing your data with a brand or
platform?
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(Follow-up probes)

How important is transparency (e.g., knowing how your data is used) to your level of trust?
Do you ever refuse to give consent for data collection or personalization features?

Theme 3 — Emotional and Behavioral Engagement with Al
e How does personalization affect your emotional connection with a brand?

e Do you feel more loyal to brands that offer personalized experiences? Why or why
not?

e Have you ever purchased something you didn’t plan to buy because it was
recommended to you?

e How would you describe your overall comfort level when interacting with Al-driven
tools such as chatbots or recommendation engines?

(Follow-up probes)
Do you find these tools helpful or impersonal?

How would you describe the balance between automation and human touch in your shopping
experience?

Closing Questions
e Opverall, how do you think Al-driven personalization changes the way people shop?

e What would you improve or change in how companies use Al to personalize your
experience?

e Do you think personalization will become essential for all retailers in the future? Why
or why not?

Demographic Information (end of interview)
e Agerange
e Gender
o Level of education
o Typical shopping frequency (online/in-store)
o Familiarity with digital or Al-based tools
Notes for the Interviewer
e Maintain a conversational tone; encourage examples and storytelling.

e Probe with “Can you tell me more about that?” or “How did that make you feel?” to
elicit richer responses.

o Ensure participants understand that the goal is to capture their perceptions, not to
evaluate their technical knowledge.
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